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Prompt

Write code to rearrange the subplots in the figure using the latest version
of matplotib. Put the 3d paraboloid subplc( on the top left. Put the
tangent function on the
one of them should stay in its original posmon and the other should fill
the last spot. First describe what each subplot depicts and identify its
current location. Then, explain where each subplot should go in its new
location. Last write the full code for the rearranged version with the
original color scheme.

=
Rendered code

Confidential

+
Response

The current subplots are:

+ Top left: A sine wave

« Top right: A tangent function

+ Bottom left: An exponential function
+ Bottom right: A 3D paraboloid

The new subplots should be:
« Top left: The 3D paraboloid
« Top right: The sine wave
« Bottom left: The exponential function
+ Bottom right: The tangent function

rt nuspy
inport matplotlib.pyplot os plt
from mpl_toolkits.mplotd inport Axes3D

f1g = pit. tigure(figsize=cio, 100)

subplot to the

¥ = np.meshgrid(x,
or

o
v
X
z

x.plot_surfoce(X, ¥,

# Add @ sine wave right

ox.plot(x, y)

ox.plot(x, y)

plt.shom()
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GPT-4 visual input example, Chart Reasoning:

—
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GPT-4 visual input example, Pixel to Paper Summaries:

User

GPT-4

What is the sum of average daily meat consumption for Georgia and Western Asia?
Provide a step-by-step reasoning before providing your answer.

on, 1997 : . _

Daily meat consumption per per:

Finiand

Georgia

Westem Asia

To find the sum of average daily meat consumption for Georgia and Western Asia,
we will follow these steps:

1. Identify the average daily meat consumption for Georgia.
2. Identify the average daily meat consumption for Western Asia.
3. Add the values from steps 1 and 2.

Step 1: From the provided chart, we see that the average daily meat con-
sumption for Georgia is 79.84 grams per person per day.

Step 2: From the chart, we see that the average daily meat consumption for
Western Asia is 69.62 grams per person per day.

Step 3: Add the values from steps 1 and 2.

79.84 g (Georgia) + 69.62 g (Western Asia) = 149.46 g

So, the sum of average daily meat consumption for Georgia and Western
Asia is 149.46 grams per person per day.

Table 14. Example prompt demonstrating GPT-4’s visual input capability. The prompt consists of a
question which requires reading information from a chart and performing computation.

00

User

User

Below is part of the InstuctGPT paper. Could you read and summarize it to me?

The InstructGPT paper focuses on training large language models to follow instructions
with human feedback. The authors note that making language models larger doesn’t
inherently make them better at following a user’s intent. Large models can generate outputs
that are untruthful, toxic, or simply unhelpful.

To address this issue, the authors fine-tune language models on a wide range of
tasks using human feedback. They start with a set of labeler-written prompts and responses,
then collect a dataset of labeler demonstrations of the desired model behavior. They
fine-tune GPT-3 using supervised learning and then use reinforcement learning from human
leedback to further fine-tune the model. The resulting model, called InstructGPT, shows

in and in toxic output while having
minimal performance regressions on public NLP datasets.

The authors conclude that fine-tuning with human feedback is a promising direc-
tion for aligning language models with human intent.

Could you explain the process described in Figure 22
Figure 2 in the InstructGPT paper illustrates the three steps of their method:

1. Supervised fine-tuning (SFT): They collect demonstration data, which consists
of labeler-written prompts and desired output behavior. This data is used to fine-tune GPT-3
with supervised learning.

2. Reward model (RM) training: They collect comparison data, where a labeler
ranks the outputs from several model samples (from best to worst). This data is used to train
the reward model.

3. Reinforcement learning using Proximal Policy Optimization (PPO): They opti-
mize a policy against the reward model using reinforcement learning. For each new prompt
sampled from the dataset, the policy generates an output. The reward model calculates a
reward for the output, and the reward is used to update the policy using the PPO algorithm.

These three steps are iteratively performed to train the InstructGPT model, which
aims to generate outputs that align better with human preferences and follow instructions
more effectively.

Table 17: Example prompt demonstrating GPT-4's visual input capability.



iR KRERILFE—SXILETILTRAIBW BT H

Document Question AnswerE WS T TH S

RN EEBEANIC BRIZEMMTOSEREMETS

Inputs

Question
What is the idea behind the

consumer relations efficiency

team?
July 31,2003
Consumer Relations Efficiency Team
Team: Nancy Bowland Sharonda Mc! Veronics Walton

Gy Hicks Nancy Mooy Yyette Willard
Todd Holbrook  Brice O'Bricr:
Cindi Hunier— Donan Walkip

Objective;  Balace cost efficlency with quality customer service

Qur Process:
= Examined Consumer Relations cast structure:

West Interactive ~ Automaian - AT&T

Hellomy - Live Rep - Brand Chargebacks

%
Si%
T
chunge, upcare dd, gl change) T

P (Jista, sealu’c-notes questions, terms, Web s, ete) | 5% |
Product Issues a
‘Nowreeeipt DM, coersion, f 1%
ELP Issues — card request, siste: T
Ol 1%

Document
Question
Answering
Model
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Output

Answer
Balance cost efficiency with
quality customer service
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03/17/88 TUE 08:18 FAX 7328031723 APGIRIR Qoos

SPECIAL POS / PDI REQUEST FORM

AP_GROLL Date 0131358
1200 . s1865
‘Store / Chain N No. of Stores 20
Requesting (Check Ore) (K] Produced POS / POI ] oigiat A Mechanical Ony

tstisan exstingiten? [JNo (X Yes Ormnewitem? (XIno [Jves  Due Date Reuires 05151008
Description o Rocuest (Give a5 much dotad s possiie)

CAMEL SHOPP

KET:

Bt Sie: = W)
-0 ‘W
o) (Top) S —)
] SKU Pack 1
Ship. s
Name _RJR - NEW
Address
City _EDISON Stato P
Attention AP. GROLL.
frons
Phone.
m-m;’ﬁnlmuwm o
R Aopronsl .22 Hramey oo FA/7ER
O Asprovel 5 oate
e e e e
RESE H
; e
Store / Chain Name LOVE STORES 03/17/98 TUE 08:16 FAX 7328031723 AF
Request ’
i ik ) T pseniros 2 SPECIAL POS / P
atisan ausiogiten? [ No (K] Yes 0ra newhems
Descrntc @ s o Requesting RJR Manager AP. GROLL
st s : R 1200

Q: Is it an existing item ?
Question types: form and yes/no

A: yes

Q: What is the date given at the top left?
Question types: /ayout
A: 03/17/98
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Modalities

Language
Vision
Tabular
Document
Speech
Video

Multimodal

Tasks

Generation

Classification

Detection

Extraction

Recognition

Translation

Embedding

Segmentation

Retrieval

Open vocabulary detection

Open vocabularv seamentation

48

86

56

51

33

Q_ search models

Browse, customize, and deploy machine learning models with Model Garden. Choose from models created by Google and other providers.

Imagen 2

imageswith text prompts

Sortby: Trending Newest LastUpdate Alphabetical

Foundation models - SHOW ALL (70)

Pre-trained multi-task models that can be further tuned or customized for specific tasks. Models marked with 4 are available in Vertex Al Studio.

Y Y Y [a] A

Gemini 1.0 Pro Gemini 1.5 Pro Gemini 1.0 Pro Vision Imagen 2 for Generation and Claude 3 Opus (Pre

The best performing Gemini model Created from the ground up to be Created from the ground up to be Editing Anthropii > it pow

features for a wide range of multimodal (text, images, videos) nultimodal (text, images, vide Use text prompts to generative and text Muwel, navige
tasks wide range of and to scale across a wid novel images, edit existing ones tasks and open-ended
tasks vartsiof-an image with amask with remarkable fluen

Fine-tunable models -> SHOW ALL (44)

Models that data scientists can further fine-tune through a custom notebook or pipeline.
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Content Filtering

Which country has the
1 highest GDP and what is

= 2 its proportion? |lnstructi0n Filtering

: United States and its Q ..- 0= @..2
Ittt bbbt proportion is 23.9%. .

T

9216 tokens ( ] 330 tokens

: LLM

Previous Methods L HRVDA
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hallucination ™~ %}%&

hallucination|Zxt 9 AR+ LT« Ltk R AR ITHENH S

InstructBLIP:

In the image, a young man is performing a
skateboarding trick in a residential area. He
is riding a skateboard and jumping over a
tree trunk that is lying on the ... away from
him. Ad
in the area, likely belonging to residents or

jitionally, there are two cars parked

visitors of the neighborhood

Please describe this image in detail.

Human

@ The image features a blue bowl filled with a

LLaVA-1.5 delicious mixture of bananas, nuts, and oatmeal.
& The bowl is placed on a dining table, and a spoon
is resting inside the bowl, ready to be used for
enjoying the meal. Ln addition to the bow! of foud

there are a few other items on the

seen on the left side of

adding to the cozy atmosphe:

Hallucination!

Our OPERA
@ The image features a blue bowl filled with a

LLaVA-15 delicious mixture of bananas, nuts, and vatmeal.
The bowl is placed on a dining table, and a spoon
is resting inside the bowl, ready to be used. The
bananas are scattered throughout the bowl, with
some closer to the top and others near the bottom.
The nuts and oatmeal complement the bananas,

creatig a visually appaing ard appetining dish Figure 2. A case of relationship between hallucinations and
knowledge aggregation patterns. Hallucinations are highlighted.

_away _from _him

Figure 1. OPERA’s performance on reducing hallucinations.
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