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{
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User What is the sum of average daily meat consumption for Georgia and Western Asia?
Provide a step-by-step reasoning before providing your answer.

GPT-4 To find the sum of average daily meat consumption for Georgia and Western Asia,
we will follow these steps:

Dﬂlly meat consumption per person, 1997

Average daily meat consumption per person, measured in grams per person per day. Countries with daily meat
consumption greater than the expected EU average of 165g per person are shown in red; yellow are those
countries below 165g but exceeding the more ambitious limit of 40g per person; and in blue are those below 40g
per person.

1. Identify the average daily meat consumption for Georgia.
2. Identify the average daily meat consumption for Western Asia.
175099 3. Add the values from steps 1 and 2.

Finland

Step 1: From the provided chart, we see that the average daily meat con-
sumption for Georgia is 79.84 grams per person per day.

Step 2: From the chart, we see that the average daily meat consumption for
Western Asia is 69.62 grams per person per day.

Step 3: Add the values from steps 1 and 2.

79.84 g (Georgia) + 69.62 g (Western Asia) = 149.46 g

Georgia 79849

69629 So, the sum of average daily meat consumption for Georgia and Western
Asia is 149.46 grams per person per day.

Western Asia

0g 209 409 60g 80g 1009 1209 1409 160 g

Source: UN Food and Agricultural Organization (FAO) ccey

Georgia®) B AIHE £ D T 14(379.849,Western Asial$69.62g D TAELT
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Model Garden

Modalities

Language
Vision
Tabular
Document
Speech
Video

Multimodal

Tasks

Generation

Classification

Detection

Extraction

Recognition

Translation

Embedding

Segmentation

Retrieval

Open vocabulary detection

Open vocabularv seamentation

+ EXPLORE GENERATIVE Al
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86
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@ VIEW MY MODELS 4 DEPLOY FROM HUGGING FACE

Q_ search models

Browse, customize, and deploy machine learning models with Model Garden. Choose from models created by Google and other providers.

Imagen 2

Generdaimageswith text prompts

.

Sortby: Trending Newest LastUpdate Alphabetical

Foundation models - SHOW ALL (70)

Pre-trained multi-task models that can be further tuned or customized for specific tasks. Models marked with 4 are available in Vertex Al Studio.

Y Y Y [a] A

Gemini 1.0 Pro Gemini 1.5 Pro Gemini 1.0 Pro Vision Imagen 2 for Generation and Claude 3 Opus (Pre

The best performing Gemini model Created from the ground up to be Created from the ground Editing Anthropii > it pow

and text Muwel, navige

atures for a wide range of multimodal (text, imag deos) text, im:

Usetextp
' ended

vel imai

markable fluen:

tasks

t parts of a

Fine-tunable models - SHOW ALL (44)

Models that data scientists can further fine-tune through a custom notebook or pipeline.
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Tasks Libraries Datasets Languages Licenses Models 1,688,079 @ Filter by name Full-text search ™ Sort: Trending

Q Filter Tasks by name
@ nvidia/parakeet-tdt-0.6b-v2 s ACE-Step/ACE-Step-v1-3.5B

Multimodal & Automatic Speech Recognition « Updated 12 days ago - & 91.8k 2 T £ Text-to-Audio - Updated 3 days ago

Audio-Text-to-Text Image-Text-to-Text
Lightricks/LTX-Video €3 nari-labs/Dia-1.6B
VisualQUestonAtswenng f Text-to-Video - Updated 7 daysago = X 241k « 4 - QO 1.4 0 Text-to-Speech - Updated 7 daysago - & 154k - 4

Document Question Answering S Video-Text-to-Text

17

@ Visual DocumentRetrieval ¥  Any-to-Any ) lodestones/Chroma & tencent/HunyuanCustom
» Text-to-lImage - Updated 1 day ago 447 3 Image-to-Video - Updated 4 days ago - © 111
Computer Vision

Depth Estimation Image Classification ~ PrimeIntellect/INTELLECT-2 % cognition-ai/Kevin-32B

Updated about 7 hours ago - & 25 - © 107 Updated 7 daysago - % 568 - © 106
Object Detection 24 Image Segmentation 5 e ? i e ) i

Text-to-lmage Image-to-Text Image-to-Image
=) JetBrains/Mellum-4b-base black-forest-labs/FLUX.1-dev
Image-to-Video Unconditional Image Generation » Text Generation « Updated 6 days ago - & % Text-to-lmage - Updated Aug 16,2024 - ¥ 2.64M - 4

Video Classification & Text-to-Video

Zero-Shot Image Classification Mask Generation $ Qwen/Qwen3-235B-A22B deepseek-ai/DeepSeek-Prover-V2-671B

7 Text Generation - Updated 12 days ago - ¥ v » Text Generation - Updated 13 daysago + X 7.93k - 4
Zero-Shot Object Detection @ Text-to-3D

Image-to-3D Image Feature Extraction $ Owen/Qwen3-30B-A3B @ hexgrad/Kokoro-82M
Keypoint Detection 7 Text Generation - Updated 13 days ago « X 163 7 £y Text-to-Speech - Updated Apr1l « 4 1.85M - 4 - © 4.3k
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Dataset Claude-3.5 Gemini 1.5 GPT InternVL2.5 Qwen2.5-VL Qwen2.5-VL Qwen2.5-VL
atasets Sonnet Pro 40 78B 72B 7B 3B
OCR-related Parsing Tasks
CC-OCR 62.5 73.0 66.9 64.7 79.8 77.8 74.5

OmniDocBenchegit en/zn) 0.330/0.381 0.230/0.281 0.265/0.435 0.275/0.324 0.226/0.324 0.308/0.398  0.409/0.543

OCR-related Understanding Tasks

AI2Dy, M. 81.2 88.4 84.6 89.1 88.7 83.9 81.6
TextVQA a1 76.5 78.8 774 83.4 83.5 84.9 79.3
DocVQA est 95.2 93.1 91.1 95.1 96.4 95.7 93.9
InfoVQA test 74.3 81.0 80.7 84.1 87.3 82.6 77:1
ChartQAest Avg. 90.8 87.2 86.7 88.3 89.5 87.3 84.0
CharXivgg,/po 60.2/84.3 43.3/72.0 47.1/845 424/823 49.7/87.4 42.5/73.9 31.3/58.6
SEED-Bench-2-Plus 717 70.8 72.0 71.3 73.0 70.4 67.6
OCRBench 788 754 736 854 885 864 797
VG — 41.7 28.1 732 - 79.8 80.5 375
OCR-related Comprehensive Tasks
OCRBench_v2¢, /1 452/39.6 51.9/43.1 465/322  49.8/52.1 61.5/63.7 56.3/57.2 54.3/52.1
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ETILA GPUAE!)(GB) Rt RE BEHINTA—EH 18 E =Y A0 B E S 18 (FD)

Claude 3.7 Sonnet |- AP| ~BA 18.0
Gemini 2.0 - API 4~H4 8.2
Qwen2.5-VL 16.0 A—AILETIL 3B 29.3
Qwen2-VL 15.1 A—AILETIL 2B 26.2
Qwen2.5-VL-AWQ [12.0 A—AILETIL 3B 39.9
Qwen2-VL-AWQ 3.9 A—AILETIL 2B 231
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